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Optimization of Firepower Allocation Based on Improved BBO Algorithm

LUO Ruihan, LI Shunmin
(Systems Engineering Research Institute, Beijing, 100094, China)

Abstract: The biogeography-based optimization (BBO) algorithm is applied to the optimization of the

firepower strike target allocation, and combined with a three-dimensional mutation operation to optimize the

convergence accuracy of the algorithm. The improved three-dimensional variation biogeography-based

optimization (Tdv-BBO) algorithm is used to solve the problem of target allocation in fire strike, and the

target-fire quantity combination optimization is performed on the enemy scenario. The verification results of

numerical examples show that the improved BBO algorithm enhances the global search capability, and can

provide an effective method for the target assignment of joint maritime strikes.

Key words: Tdv-BBO algorithm; firepower allocation plan; mutation operator; portfolio optimization;

global search capability
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Table 2 Comparison of search results between different

methods
=873 et &2 -1
GA 3.6650 3.3852 3.6370
BBO 3.795 1 3.705'1 3.768 1
Tdv-BBO 3.9324 3.9324 3.9324
CMM-DE/BBO 3.907 6 3.902 1 3.906 6
IGWO 3.765 5 3.765 5 3.765 5

®3 BHEEMRAEXR
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Table 4 Comparison of allocation plans between differ-
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