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Research Status and Prospect of Gas Path Fault Diagnosis for Aeroengine

HUANG Jinquan, WANG Qihang, LU Feng
(College of Energy and Power Engineering, Nanjing University of Aeronautics &. Astronautics, Nanjing, 210016, China)

Abstract: Aeroengine gas path fault diagnosis is an active process to identify the performance degradation or
failure of gas path components by analyzing gas path parameters of engine system and components. It is one of
the most important aspects to improve flight safety and reliability, and reduce engine maintenance cost. At
present, it has become a hot topic in the field of flight propulsion technology. This paper presents the
development of engine gas path fault diagnosis technology; discusses the main methodologies of engine gas
path fault diagnosis, including the linear / nonlinear model based, data-driven based, information fusion
based ones. The comments on the advantages and disadvantages of these methods are then followed. The key
technologies and difficulties are finally pointed out, and the prospect of aeroengine gas path fault diagnosis is
reached.
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