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Airport Noise Prediction Based on Fuzzy Support Vector Regression
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Abstract: To predict and prevent the noise around the airport becomes an urgent problem. A new airport
noise prediction model based on fuzzy support vector regression is established on the existing generic
software for noise calculation. To integrate into the fuzzy support vector regression algorithm, the fuzzy
membership of each sample is determined by its local outlier factor. Finally, the prediction accuracy,
noise immunity, generalization ability of the proposed model are validated on the historic flight data of
an airport. Experiments show that the fuzzy support vector regression algorithm based on local outlier
factor can effectively predict the noise levels around airports, and is more accurate and better noise im-
munity than the standard support vector regression.

Key words: airport noise prediction; support vector machine; fuzzy support vector regression; fuzzy
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