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Abstract: To efficiently identify disease genes from gene expression data, an improved method Logistic

regression singular value decomposition (LRSVD), based on singular value decomposition is proposed to

find the genes associated with disease. LRSVD evaluates the contribution of each eigengene to the classi-

fying accuracy by regression coefficients of Logistic regression instead of the variance. The inner-product

(IP) is proposed to evaluate the discriminative power of each gene. The linear mapping relationship is

established between eigengenes and the original gene expression data. Then the genes are ranked by the

corresponding IP value and the optimal gene subset with high discriminative power of sample classifica-

tion is identified. The obtained results on real gene expression data indicate that LRSVD has the ability

of effective disease gene identification with high classifying accuracy.
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