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Abstract :In order to predict the evolving trend of forum sentiment, based on the association analysis of

multi time series, the association rules of three-quantity time series over forum sentiment are anlyzed,

namely, the strength of relationship between actors, the number of pillars, and the changing frequency

of pillars. Then a novel prediction algorithm, forum sentiment trend prediction based on multi time se-

ries association rule analysis (TPMTSA), is proposed. Extensive experiments over real and synthetic

datasets are conducted. Results show the effectiveness and the efficiency of TPMTSA. The research re-

sults can be used to monitor the forum opinion.
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