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Abstract: A new feature selection method based on clustering algorithm is proposed to selecte informa-
tive features. First, category-unrelated features are kicked out according to Bhattacharyya distance.
Then, based on the process of recursive feature elimination, a weighted distance between sample and the
cluster center generated by the fuzzy interactive self-organizing data algorithm (ISODATA) is used as
the index of feature for separating different classes. Finally, the candidate feature subset with the maxi-
mum area under the receiver operating characteristic curve (AUC) value and accuracy rate both in classi-
fication and clustering tests is selected as the optimal feature subset. The proposed feature subset selec-
tion method is applied to five gene expression profile datasets and experiment results show that the se-
lected features have good performance in terms of both classification and clustering measurements. Re-
sults demonstrate that the proposed method is effective for selecting informative features from high-di-
mensional dataset.
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